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A. Gaze when viewing an opponent’s action sequence
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Mann et al. (2019)
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“Visual Pivot”

Predictive fixation Visual pivot
Data from Kato & Fukuda (2002)

B. Gaze when intercepting a moving object

Interception without ball bounce (baseball)
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“Predictive Saccade”

Data from Bahill & LaRitz (1984)

Interception with ball bounce (Cricket)
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° j[g Data from Land & McLeod (2000)
° AN Mann, Spratford, & Abernethy (2013)

Sarpeshkar, Abernethy, & Mann (2017)
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Kato (2018)
Hariyama & Kato (2018)

Future Path and Tangent Point Models
(Lappi et al., 2013)
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(e.g., Farahani et al., 2017; Lorains et al., 201 3; Put et al., 2016)
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Powerful Pro
Baseball 2020

Gran Turismo

Zwift

Rowing

Virtual Regatta
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(e.g., Greitemeyer & Mugge, 2014)

eSportsld2 | HFZDF X (pussetal., 2019)

SRRt IR FL F BRI FRIZE (Campbell et al., 2018)
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(Granic et al., 2019; Bényai et al., 2018)
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(Appelbaum et al., 2019; Bediou et al., 201 8; Green & Bavelier, 2018; Li et al., 201 3; Sala
et al., 2017)
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Heat map & Gaze plot (Pitching phase)
(M@, ZRE], S48, 2019, BABKMZMASTETEAR)






https://e-baseball.konami.net/prospi_a_league/page/topics_211203/
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Sports for all
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Digital Wellness (Medicine)
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